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Abstract 

 

This paper explores the effects of education and left-right self-identification on attitudes towards 

immigrants in 36 countries based on the European Social Survey. Examining the data, I find that 

education encourages individuals to have more pro-outsider views as per the education-tolerance 

relationship; however education also leads to a stronger transformation of ideological self-

conceptions into preferences. That is, the responsiveness of change in preferences due to change 

in ideological self-identification increases with the level of education, the educated-ideology 

tolerance relationship. Also the education-tolerance relationship is stronger towards same race 

rich European immigrants; however the educated-ideology-tolerance relationship is stronger 

when the immigrants come from different race or poor countries outside Europe. As shown in the 

empirical analysis, whether education can be a solution for improving anti-immigration attitudes 

depends crucially on the ideology or political attitudes. 
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1. Introduction 

 

The increasing levels of migration are considered to be a formidable engine for economic and 

demographic growth. Immigration, by creating variability in both demand for varieties and 

supply of diverse labor (Paas and Hallapu, 2012) leads to higher growth in an economy. Higher 

investments by firms as they expand their productive capacity and build more establishments, job 

up-gradation for natives as immigrants take the manual labor jobs, higher labor mobility, 

contribution to innovation by educated immigration, growth of population for aging societies, 

cultural diversity, are few of the advantages of immigration.  

 

On one hand immigration is considered as an economic and cultural boon, on the other hand 

there are concerns about labor market competition, fiscal burden and cultural threat. These are 

some of the factors emphasizing on economic and non-economic determinants driving individual 

preferences over immigration.
2
 For example economic determinants such as labor market 

competition, inequality; cultural determinants such as race, religion, national identity; and 

political affiliations or ideological self-conceptions can affect these attitudes. Other factors such 

as contact with migrants, neighborhood safety, and trust also affect these attitudes.  

 

This paper will examine individual differences, specifically education levels, in the impact of 

ideological self-identification on preferences towards immigration. Education and ideological 

thinking are two of the major determinants facilitating the development of issue attitudes. A 

great deal of research done on individual attitudes towards immigration accepts higher education 

as one of the key determinants improving the tolerance towards immigration both economically 

and non-economically. Education leads to a higher tolerance towards immigrants, puts greater 

value on cultural diversity, and sees immigration as a cultural boon than a threat.  
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The famous education-tolerance relationship first introduced by Stouffers (1955) explaining the 

dependence of expressed levels of political tolerance on education has received scant empirical 

support. Later studies also supported his views and found that increasing years of education may 

lead to a greater commitment to democratic norms of tolerance (Bobo and Licari, 1989). Nunn, 

Crocket and Williams (1978) stressed that increasing years of education enhance cognitive skills, 

cultural knowledge and cognitive flexibility. Bobo and Licari show that more education imparts 

greater cognitive sophistication in ways that increase the likelihood of higher levels of tolerance 

even among those who oppose a group so long as the group is not extraordinarily threatening or 

extreme. The negative relationship between educational attainment and political or ethnic 

intolerance has been established and accepted by many empirical researchers. Another channel 

through which human capital theory claims to have a more positive attitude towards immigrants 

is higher economic security via improved skills and facing less competition in the labor market 

although this assumes that majority of immigrants are from low skill countries (Mayda, 2006).  

 

Therefore, education transforms the values held by individuals, encouraging them to have more 

tolerant, pro-outsider views of the world. However can education be considered as a solution to 

improve tolerance towards immigrants? If education translates the values held by individuals into 

preferences than this relationship also should hold for ideological self-identification, the second 

major determinant affecting the anti-immigration sentiments.  

 

It has been observed that people on the right of the political spectrum are more likely than others 

to oppose immigration and have negative attitudes towards immigrants (Betts, 1988; Espenshade 

and Hempstead, 1996). Ample research has been done on emphasizing these two drivers 

separately but the relationship between the two still needs some research. Specifically, attitudes 

towards immigrants tend to be asymmetric in terms of ideology and political sophistication 

(Sniderman et al., 2000). Research suggests that left leaning citizens with lower levels of 

education are particularly out of tune with their ideological predispositions regarding 

immigration and integration, whereas right leaning citizens converge in their attitudes (Isernia 

and Smets, 2013). However the convergence in attitudes of self-identified right goes against the 

education-tolerance relationship. So is it really the left leaning citizens with lower levels of 

education who are out of tune from their political predispositions? Or is it the transformation of 
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ideology into preferences that increases with education and as a result the political tolerance of 

more educated converges with the less educated right and diverges from the less educated left.  

 

Through this paper, I examine how the interaction between education and ideological 

predispositions affect attitudes towards immigration. Using data from the European Social 

Survey (ESS) conducted in 36 countries all over Europe since 2002, I focus on the differences in 

the attitudes towards immigration based on education levels and ideological self-conceptions. 

The analysis is in line with the earlier research showing education leads to a higher tolerance 

towards immigrants and higher pro-outsider views; however this relationship is highly sensitive 

to ideological self-conceptions. Education leads to a higher tolerance only amongst the 

individuals who identify themselves as left of center.  

 

The remainder of the paper proceeds as follows. Section 2 presents a simple mathematical 

explanation followed by the empirical methodology applied. Section 3 provides the data 

description. The fourth section provides the results and the empirical findings with robustness 

checks and section 5 concludes with a discussion for potential future research. 

 

2. A Simple Mathematical Explanation and Empirical Strategy 

 

To investigate the relationship between ideology and education in determining the attitudes 

towards immigration, I present a simple model which allows us to differentiate between the 

effects of education and ideology on the attitudes. I assume the probability of being pro-

immigration is dependent on three main factors; first, the standard socio-economic factors such 

as income, gender, age, unemployment status; second, the education level of an individual; and 

third, the ideological predisposition. The probability function is then given by 

 

    (               )   (      
     )     (1) 
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Where,    is the probability of being pro-immigration,    is the education level,    is the 

ideological self-conception, and    are the other factors as mentioned above.
3
 The parameter    

 

(the coefficient of interest) represents the ideological commitment or the degree of 

transformation of ideological self-conception into preferences: I show it to be an increasing 

function of education in the later part of the paper. The first order derivatives with respect to 

education can be written as 

  

   

  
      

    

  
 ( )     (2) 

 

And with respect to ideological self-conception can be written as,  

     

   

   
             (3) 

 

The first term in equation 2,   captures the education-tolerance relationship that is the direct 

effect of education. The second term in equation 2 
    

  
⁄  ( ) corresponds to the effect 

through the strength of symmetry between the ideological self-conceptions and preferences. 

Equation 3 shows how a change in ideology (ideological self-conceptions) affects the probability 

of being pro-immigration. The main interest of the analysis is the cross derivative of the 

function, that is 

 

    

     
  

    

  
        (4) 

 

Earlier research assumes that this cross derivative is equal to zero or there is an exogenous term 

that affects the preferences of the less educated left leaning citizens because of lack of 

information. If the cross derivative is zero, that is if education has no effect on transforming 

ideological self-conceptions into ideological commitments, or education-tolerance relationship is 

independent of the power of transformation of ideological self-conceptions, then the difference 
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between the probabilities with change in ideology at different levels of education should stay 

constant. And, if there is lack of information only amongst the less educated left leaning citizens, 

then for any kind of policy the differences between left leaning citizens should be diverging in 

terms of education and the right should always be converging. However if there is indeed an 

effect of education on the weight attached to ideological self-conceptions, the convergence or 

divergence should depend on the marginal probabilities or the signs of the first order derivatives 

and their magnitudes. Assuming that is the case, the table below shows where does the 

probability converge or diverge. Also given that     is positively related with education, the  

slope of the change in probability would increase with the level of education. The five possible  

cases are expressed in the table below: 

 

Table 1 

 

The above table shows that the difference in the probability with the increase in education 

increases (decreases) if the marginal probabilities have same (opposite) signs. If the marginal 

probabilities of education and ideology have opposite signs then the probabilities for the less and 

more educated converges towards right of center and if they have the same signs the 

convergence is towards the left of center.  

 

Marginal Probability  (Signs) 
Convergence towards 

(right/left) of center 

Education Ideology 
 

Negative Positive Right 

Negative Negative Left 

Positive Negative Right 

Positive Positive Left 

Zero Negative or Positive Divergence at both ends 
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To capture these effects I use ordered probit model which can be derived from a latent variable 

model. Assume that individual i’s true unobserved attitude towards the immigration can be 

modelled as 

 

  
     

       

 

The vector    in the above equation contains all the control variables which affect the attitudes 

towards immigrants for example, education level, age, gender etc and an intercept term. I assume 

that the error terms    follow a standard normal distribution and are independent across countries 

but not within countries. So I cluster standard errors for country and time. 

 

Consequently, the observed answers   in the survey is a function of the true unobserved attitude, 

that is 

 

                   
                   

 

According to the definition of the variables and the specification described above, the respondent 

answers “allow many” or “allow few” immigrants from various source countries with a 

probability 

 

 (         )   (      )    (        ) 

 

The marginal effect for the same can be written as  

 

1. For a continuous regressor    as, 

  (       )

   
  

  (      )

   
 

  (        )

   
 

2. And for a discrete regressor    as, 

 

  (       )

   
  (                           )   (                           ) 
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The rest of the variables are at their sample means that is      in case of continuous and      in 

case of discrete. The main coefficient of interest according to the model above is defined as 

 

 [ (                            )   (                            )]    ⁄  

 

Where    is a continuous left-right self-identification variable with values from -5 to 5. The 

above coefficient is equivalent to the one in the model     
   ⁄ , that is the slope of the 

difference line between more and less educated with respect to ideology, or left-right self-

identification.  

 

3. Data  

 

To test the relationship between education and ideological self-identification in determining 

attitudes towards immigration, I use survey data from the European Social Survey conducted 

between 2002 and 2012.
4
 The ESS is a cross-sectional multistage survey carried out with 

probability samples of individuals aged 15 and older, and compares 36 European countries 

(McBridge 2005; Lynn et al., 2007). The survey measures the attitudes, beliefs and behavior 

patterns of diverse populations to contribute substantially to the development of social indicators. 

The broad coverage provides substantial heterogeneity taking several countries into 

consideration in terms of social, economic and political contexts. The countries covered are 

Albania, Austria, Belgium, Bulgaria, Croatia, Cyprus, Czech Republic, Denmark, Estonia, 

Finland, France, Germany, Greece, Hungary, Iceland, Ireland, Israel, Italy, Kosovo, Latvia, 

Lithuania, Luxembourg, Netherlands, Norway, Poland, Portugal, Romania, Russian Federation, 

Slovakia, Slovenia, Spain, Sweden, Switzerland, Turkey, Ukraine, and United Kingdom.  

 

Dependent Variable: Attitudes towards immigration 

The dependent variable question on which my analysis is based is 

“To what extent do you think [respondent’s country] should allow people from poor countries 

outside Europe to come and live here?” 
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a) Allow none 

b) Allow a few 

c) Allow some 

d) Allow many 

 

For robustness, I create dichotomous variables for different pairs of the answers above. For 

instance there are 6 pairs that can be formed for the answers above, that is including only those 

respondents who answered allow none or allow a few, allow none or allow some, allow none or 

allow many, allow a few or allow some, allow a few or allow many, allow some or allow many. I 

also use questions from the survey asking about different source countries of immigrants (same 

race, different race, rich countries outside Europe, poor countries within Europe, rich countries 

within Europe)
5
.  

 

Independent Variables of interest 

 

The independent variables of interest are ideology and education levels. For the respondent’s 

political orientation, respondents were asked to place themselves on a scale of 0 to 10, 0 being 

extreme left and 10 being extreme right. I convert this variable going from -5 to +5, so as to 

capture the effects of self-identification being left or right of center (center being zero). The 

indicator of respondent’s level of education is a categorical indicator of the highest level of 

education attained, adjusted by the ESS to allow for differences between the various European 

educational systems so the results are comparable across countries.
6
 I also use years of full time 

education completed as another variable to capture effects of education. For robustness checks I 

use skill or occupational levels of the respondents. 

 

Control variables 

                                                           
5
 The source countries for same race and different race countries are asked in all rounds, however the source 

countries being poor countries within Europe, and rich countries outside and within Europe are being asked only in 
the first round of the ESS. 
6
 The categories are: 1=Less than lower secondary education (ISCED 0-1), 2= Lower secondary education 

completed (ISCED 2), 3= Upper secondary education completed (ISCED 3), 4= Post-secondary non-tertiary 

education completed (ISCED 4), 5= Tertiary education completed (ISCED 5-6).  
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I include standard socio-economic and demographic control variables. These variables include 

the respondent’s age (in years) and its square to capture the curvilinear effect, gender and 

immigrant status. The respondent’s income is provided by the ESS through a self-assessment and 

self-classification into one of twelve income classes. Each of the estimation includes a full set of 

country and time effects.  The unemployment status is included as voluntarily or involuntarily 

unemployed.
7
  

 

Descriptive statistics  

Table 2 below shows the descriptive statistics for the dependent variables based on education and 

self-identified political orientation. As depicted in the table, the mean value of being pro-

immigration increases with education levels and decreases with ideological self-conceptions. The 

mean for being pro-immigration increases from 2.106 to 2.622 as Education levels increases 

from elementary to tertiary (table 2.1). Similarly, the mean for being pro-immigration decreases 

from 2.493 to 2.134 as ideological identification goes from left to right (table 2.2). 

 

Table 2.1 

Education Levels N Mean (Pro 

Immigration) 

Sd. Min Max 

      

Elementary 38,401 2.106 0.918 1 4 

Lower secondary 52,582 2.353 0.932 1 4 

Upper secondary 107,217 2.390 0.908 1 4 

Post-secondary 17,012 2.410 0.924 1 4 

Tertiary 66,084 2.622 0.896 1 4 
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Table 2.2 

Ideology N Mean (Pro 

Immigration) 

Sd. Min Max 

      

Left 8,223 2.493 1.058 1 4 

d = -4 5,899 2.542 1.015 1 4 

d = -3 13,319 2.634 0.960 1 4 

d = -2 23,600 2.615 0.897 1 4 

d = -1 24,390 2.546 0.869 1 4 

d = 0 80,640 2.385 0.900 1 4 

d = 1 22,989 2.426 0.861 1 4 

d = 2 25,724 2.383 0.857 1 4 

d = 3 20,226 2.285 0.874 1 4 

d = 4 7,070 2.196 0.915 1 4 

Right 10,023 2.134 0.982 1 4 

      

 

Table 2.3 shows the mean of pro-immigration at different ideological thinking and education 

levels. The decrease in mean values from left to right identification is much less for respondents 

with elementary education and increases as education increases. This is in line with Sinderman’s 

analysis that the less well educated liberals attitudes are particularly out of tune with their 

ideological predispositions regarding immigration and integration. However if it is the less 

educated who are out of tune from their ideological predispositions or if it is the transformation 

of ideological self-conceptions into preferences depends on education levels.. Previous studies 

on political preferences have been silent about the relationship between education and ideology. 

My principal goal in this research is to evaluate how the level of education affects this 

relationship and in-turn how the political preferences are affected.  
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Table 2.3 (Mean (Pro Immigration)) 

Ideology Elementary Lower 

secondary 

Upper 

secondary 

Post 

secondary 

Tertiary 

      

Left 2.231 2.408 2.481 2.538 2.788 

d = -4 2.169 2.392 2.514 2.706 2.870 

d = -3 2.209 2.464 2.577 2.704 2.970 

d = -2 2.214 2.470 2.566 2.627 2.904 

d = -1 2.162 2.481 2.500 2.586 2.800 

d = 0 2.118 2.364 2.385 2.389 2.570 

d = 1 2.168 2.360 2.391 2.448 2.612 

d = 2 2.052 2.318 2.380 2.387 2.549 

d = 3 2.008 2.230 2.290 2.268 2.452 

d = 4 1.935 2.205 2.213 2.176 2.326 

Right 1.935 2.202 2.147 2.061 2.228 

      

 

4. Results 

Table 3 shows the results of a multivariate analysis controlling for country and time fixed effects. 

For the whole analysis, the main dependent variables are attitudes towards immigration.  

 

I estimate ordered probit models for the four outcomes arranged in the order of 1 = allow no 

immigrants, 2 = allow a few immigrants, 3 = allow some immigrants and 4 = allow many 

immigrants.  

 

The results show that, education reduces the anti-immigration sentiments controlling for other 

socio-economic and demographic covariates as shown in the previous literature. The finding 

from the estimations shows results in favor of education-tolerance relationship. Respondents 

with higher levels of education are more in favor of immigration as compared to less educated 
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respondents. The coefficient increases from 0.0846 to 0.478 as education levels increase from 

elementary to tertiary.  

 

It is quite intuitive that right-wing respondents are more anti-immigrant as compared to 

respondents who identify themselves as left. The coefficient for Ideology is negative and highly 

significant. The critical finding from the analysis above is coefficient attached to the interaction 

terms. It is insignificant and very close to zero for respondents with low levels of education and 

highly significant and negative with high levels of education showing that the effect of ideology  

Table 3: Determinants of Individual Preferences towards Immigration 

 Education in levels Education in years 

     

Variable 1 Lower secondary 0.0846
*** 

    (0.0156) 

Education in 

years 

0.0443
*** 

     (0.00164) 

     

     

 Upper secondary 0.163
***

   

  (0.0156)   

     

 Post-secondary 0.257
***

   

  (0.0214)   

     

 Tertiary 0.478
***

   

  (0.0195)   

     

Left right self-

identification 

 -0.0281
*** 

    (0.00548) 

 0.0266
*** 

     (0.00780) 

     

     

Interactions with Left 

right self-identification 

Lower secondary 0.000793 

(0.00794) 

Education in 

years  

-0.00672
*** 

(0.000613) 

     

     

 Upper secondary  -0.0196
**

   

  (0.00709)   

     

 Post-secondary  -0.0506
***

   

  (0.0111)   

     

 Tertiary  -0.0707
***

   

  (0.00807)   
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Female  0.0329
***

  0.0383
***

 

  (0.00855)  (0.00835) 

     

Age  -0.00968
***

  -0.00856
***

 

  (0.000550)  (0.000540) 

     

Age squared  0.0000335
***

  0.0000350
***

 

  (0.00000597)  (0.00000590) 

     

Income  0.0182
***

  0.0196
***

 

  (0.00231)  (0.00237) 

     

Immigrant  0.205
***

  0.207
***

 

  (0.0233)  (0.0227) 

     

Involuntarily 

Unemployed 

 -0.0791
*** 

    (0.0175) 

 -0.0786
*** 

     (0.0175) 

     

     

Voluntarily 

Unemployed 

 -0.0282 

  (0.0220) 

 -0.0345 

  (0.0225) 

     

     

     

Number of Clusters  141  141 

Observations  183072  182066 

Pseudo R
2
  0.069  0.070 

BIC  439539.8  436650.1 

Prob>chi2  0.000  0.000 

     
Ordered Probit Estimates with standard errors in parentheses 
*
 p < 0.05, 

**
 p < 0.01, 

***
 p < 0.001 

 

on educated respondents is much more as compared to the less educated respondents. This result 

indicates that the transformation of ideological self-conceptions into preferences is much higher 

for educated respondents. Less educated respondent’s preferences do not respond to change in 

their ideology. The coefficient ranges from 0.0007 to -0.07 showing that the transformation of 

ideological self-conceptions into preferences or the responsiveness of change in preferences with 

change in self-identification increases with education. Also for education in years the coefficient 

for the interaction term is negative and highly significant. 
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The estimated effects of the control variables for both the models are significant at .99 levels and 

enter the models with the anticipated signs as reported by previous studies. The respondent’s age 

is negatively related to the attitudes towards immigrants as documented in the previous literature 

(Hernes, G., & Knudsen, K. (1992)); the coefficient is negative and highly significant. The 

coefficient for the same is 0.0028 and again highly significant. With income levels the attitudes 

towards immigrants should be and are positive and negative for income reduction (the respective 

coefficients are 0.0078 and -0.0136, both highly significant). The female respondents are more in 

favor of immigration. Although using a probit analysis the change in probability attributed to one 

unit increase is dependent on both the values of the predictor and the starting values of the given 

predictor, I show the marginal effects of the interaction terms for discrete changes.  

 

To facilitate the interpretation of the interaction terms, the figures below plot the marginal effect 

of the three main covariates on attitudes towards immigration at different ideological self-

conceptions. That is equation 3 of the specification described above in the methodology: 

 

 [ (                            )   (                            )]    ⁄  

 

Specifically it shows the change in the marginal effects when the left right self-identification 

changes from extreme left to extreme right. The purpose of showing this is to show the 

convergence explained in the theoretical explanation. The corresponding tables are shown in the 

appendix. 
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Graph 1 

 

Graph 2 
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If the parameter     is the same at all education levels that is the transformation of ideological 

self-conceptions into preferences is independent of education, than the difference between the 

high skill and low skill respondents attitudes towards immigrants should stay the same. That is 

only the education-tolerance relationship should be effective and the educated-ideology-

tolerance relationship should not be effective as explained in the theoretical model above. The 

empirical results are indeed in-line with the theoretical model. The parameter     is positively 

associated with education, and the transformation of ideological self-conceptions into 

preferences is not independent of education. The difference between less and more educated 

continuously decreases as one moves from left to right of center and then eventually converges 

for extreme right self-identification. The graphs shown are analogous to the results provided.  

The graphs show the attitudes towards immigration for different outcomes. To test whether the 

difference in predicted probabilities is statistically different from zero, the graphs include the 

95% confidence intervals to capture the overlap, if there is any. As depicted in the graphs, the 

responsiveness of preferences with changes in ideology increases with levels of education. Also 

there exists an overlap of the 95% confidence intervals for right self-identification at all levels of 

education.
8
 

 

Robustness checks 

I do various robustness tests to test whether the responsiveness is indeed different amongst the 

less and more educated. I create dummy variables at different outcome levels. For instance, I 

create a dummy for allowing a few immigrants, with keeping only those respondents who either 

answered allow none or allow a few immigrants. I only show the graphs for interaction terms and 

for four of the combinations here. The graphs below show four combinations including only 

those respondents who answered either of the answers included in the combination (rest of the 

respondents are dropped). As the graphs depict, the effect still stays significant. The answers still 

converge for all the respondents who identify themselves as right for all the combinations.  

 

  

                                                           
8
 These results stay the same for different source countries that is immigrants from same or different race, rich or 

poor countries within Europe, and rich countries outside Europe. 
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Graph 3 

 

 

Graph 4 
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For other robustness tests I use skill levels instead of education levels and the results still stay 

significant, the results for which are shown in the appendix (tables A6 to A9 and graph 5 and 

graph 6). 

 

5. Conclusion and Discussion 

This paper analyses the effects of education and ideological predispositions in forming attitudes 

towards immigrants. Earlier research has emphasized that increasing years of education has a 

positive effect on cognitive ability and more tolerant views towards other groups and minorities. 

This relationship applies for the anti-immigration attitudes towards as well. The second driving 

force of attitudes towards immigrants is the ideological self-conceptions of individuals which 

explain that liberals are more pro-immigration as compared to conservatives. Through this paper 

I show how these two drivers affect this relationship and how the anti-immigration sentiments 

change with changing ideological self-conceptions at different levels of education. Previous 

research has shown that it is the less educated liberals who are out of tune of their political 

preferences. However I show that it is the transformation of ideological self-conceptions into 

preferences which is dependent on the education levels. The responsiveness of change in 

preferences with respect to change in political orientation increases with education. The 

education tolerance relationship is weaker and educated-ideology relationship is stronger in 

general and for anti-immigration sentiments in particular. The results also show that the 

education-tolerance relationship is stronger if the immigrants come from rich European countries 

or belong to the same race; however the education-ideology-tolerance relationship is stronger if 

the immigrants come from poor countries outside Europe or belong to a different race.  
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Table A1. Change in Margins (dydx) Education levels for Outcome 1 (Allow None) 
 

    
    

  
 ( ) 

 

Education=2 Education=3 Education=4 Education=5 

     
d = -5 -0.0182* -0.0532*** -0.0899*** -0.120*** 
 (0.00964) (0.00851) (0.0103) (0.00820) 
     
d = -4 -0.0189** -0.0514*** -0.0864*** -0.120*** 
 (0.00827) (0.00751) (0.00941) (0.00735) 
     
d = -3 -0.0196*** -0.0492*** -0.0818*** -0.117*** 
 (0.00689) (0.00648) (0.00836) (0.00651) 
     
d = -2 -0.0204*** -0.0467*** -0.0761*** -0.114*** 
 (0.00559) (0.00548) (0.00718) (0.00570) 
     
d = -1 -0.0211*** -0.0439*** -0.0692*** -0.108*** 
 (0.00456) (0.00463) (0.00598) (0.00499) 
     
d = -0 -0.0219*** -0.0406*** -0.0611*** -0.101*** 
 (0.00416) (0.00416) (0.00502) (0.00451) 
     
d = -1 -0.0227*** -0.0371*** -0.0517*** -0.0923*** 
 (0.00469) (0.00434) (0.00488) (0.00447) 
     
d = -2 -0.0234*** -0.0331*** -0.0410*** -0.0814*** 
 (0.00602) (0.00524) (0.00604) (0.00505) 
     
d = -3 -0.0242*** -0.0288*** -0.0290*** -0.0683*** 
 (0.00783) (0.00667) (0.00831) (0.00626) 
     
d = -4 -0.0250** -0.0242*** -0.0156 -0.0531*** 
 (0.00993) (0.00846) (0.0113) (0.00800) 
     
d = -5 -0.0258** -0.0191* -0.00106 -0.0357*** 
 (0.0122) (0.0105) (0.0149) (0.0102) 
     
     

Observations 183,072 183,072 183,072 183,072 
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Table A2. Change in Margins (dydx) Education levels for Outcome 2 (Allow a few) 
 

    
    

  
 ( ) 

 
Education=2 Education=3 Education=4 Education=5 

     
d = -5 -0.0139* -0.0504*** -0.109*** -0.186*** 
 (0.00768) (0.00863) (0.0163) (0.0135) 
     
d = -4 -0.0135** -0.0446*** -0.0940*** -0.167*** 
 (0.00612) (0.00702) (0.0135) (0.0119) 
     
d = -3 -0.0130*** -0.0390*** -0.0797*** -0.147*** 
 (0.00470) (0.00552) (0.0108) (0.0102) 
     
d = -2 -0.0124*** -0.0335*** -0.0658*** -0.127*** 
 (0.00347) (0.00417) (0.00819) (0.00840) 
     
d = -1 -0.0119*** -0.0284*** -0.0527*** -0.107*** 
 (0.00252) (0.00305) (0.00586) (0.00663) 
     
d = -0 -0.0112*** -0.0236*** -0.0404*** -0.0874*** 
 (0.00201) (0.00226) (0.00403) (0.00500) 
     
d = -1 -0.0106*** -0.0191*** -0.0293*** -0.0686*** 
 (0.00207) (0.00194) (0.00305) (0.00371) 
     
d = -2 -0.00992*** -0.0150*** -0.0196*** -0.0512*** 
 (0.00249) (0.00207) (0.00305) (0.00298) 
     
d = -3 -0.00920*** -0.0113*** -0.0114*** -0.0356*** 
 (0.00301) (0.00239) (0.00346) (0.00288) 
     
d = -4 -0.00845** -0.00810*** -0.00490 -0.0222*** 
 (0.00348) (0.00268) (0.00370) (0.00305) 
     
d = -5 -0.00767** -0.00536* -0.000252 -0.0115*** 
 (0.00386) (0.00285) (0.00354) (0.00313) 
     
     

Observations 183,072 183,072 183,072 183,072 
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Table A3. Change in Margins (dydx) Education levels for Outcome 3 (Allow some) 
 

    
    

  
 ( ) 

 

Education=2 Education=3 Education=4 Education=5 

     
d = -5 0.0185* 0.0542*** 0.0868*** 0.0934*** 
 (0.0101) (0.00950) (0.0104) (0.00895) 
     
d = -4 0.0191** 0.0524*** 0.0857*** 0.103*** 
 (0.00865) (0.00839) (0.00994) (0.00837) 
     
d = -3 0.0197*** 0.0500*** 0.0823*** 0.108*** 
 (0.00716) (0.00720) (0.00917) (0.00788) 
     
d = -2 0.0203*** 0.0472*** 0.0770*** 0.109*** 
 (0.00573) (0.00599) (0.00805) (0.00732) 
     
d = -1 0.0208*** 0.0439*** 0.0698*** 0.107*** 
 (0.00454) (0.00487) (0.00670) (0.00659) 
     
d = -0 0.0213*** 0.0402*** 0.0611*** 0.101*** 
 (0.00392) (0.00407) (0.00539) (0.00572) 
     
d = -1 0.0218*** 0.0361*** 0.0509*** 0.0924*** 
 (0.00424) (0.00393) (0.00480) (0.00494) 
     
d = -2 0.0223*** 0.0318*** 0.0395*** 0.0806*** 
 (0.00540) (0.00461) (0.00563) (0.00468) 
     
d = -3 0.0227*** 0.0271*** 0.0273*** 0.0664*** 
 (0.00702) (0.00588) (0.00767) (0.00535) 
     
d = -4 0.0231*** 0.0223*** 0.0143 0.0503*** 
 (0.00887) (0.00747) (0.0103) (0.00686) 
     
d = -5 0.0235** 0.0173* 0.000942 0.0328*** 
 (0.0109) (0.00923) (0.0132) (0.00885) 
     
     

Observations 183,072 183,072 183,072 183,072 
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Table A4. Change in Margins (dydx) Education levels for Outcome 4 (Allow many) 
 

    
    

  
 ( ) 

 

Education=2 Education=3 Education=4 Education=5 

     
d = -5 0.0136* 0.0494*** 0.112*** 0.213*** 
 (0.00717) (0.00741) (0.0167) (0.0125) 
     
d = -4 0.0132** 0.0436*** 0.0947*** 0.184*** 
 (0.00570) (0.00591) (0.0131) (0.00981) 
     
d = -3 0.0129*** 0.0382*** 0.0792*** 0.157*** 
 (0.00440) (0.00460) (0.00996) (0.00744) 
     
d = -2 0.0125*** 0.0331*** 0.0650*** 0.131*** 
 (0.00330) (0.00351) (0.00723) (0.00546) 
     
d = -1 0.0122*** 0.0284*** 0.0521*** 0.108*** 
 (0.00252) (0.00271) (0.00505) (0.00397) 
     
d = -0 0.0118*** 0.0241*** 0.0405*** 0.0873*** 
 (0.00225) (0.00232) (0.00358) (0.00314) 
     
d = -1 0.0114*** 0.0200*** 0.0301*** 0.0685*** 
 (0.00252) (0.00237) (0.00307) (0.00301) 
     
d = -2 0.0111*** 0.0164*** 0.0210*** 0.0520*** 
 (0.00310) (0.00271) (0.00340) (0.00332) 
     
d = -3 0.0107*** 0.0130*** 0.0131*** 0.0375*** 
 (0.00379) (0.00316) (0.00405) (0.00373) 
     
d = -4 0.0104** 0.00997*** 0.00622 0.0250*** 
 (0.00449) (0.00364) (0.00470) (0.00409) 
     
d = -5 0.0100* 0.00722* 0.000372 0.0144*** 
 (0.00516) (0.00408) (0.00522) (0.00435) 
     
     

Observations 183,072 183,072 183,072 183,072 
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Table A5. Change in Margins (dydx) Education in years for all outcomes 
 

    
    

  
 ( ) 

 

Outcome 1 
(Allow none) 

Outcome 2 
(Allow a few) 

Outcome 3 
(Allow some) 

Outcome 4 
(Allow many) 

     
d = -5 -0.0118*** -0.0181*** 0.0110*** 0.0190*** 
 (0.000726) (0.00128) (0.000833) (0.00104) 
     
d = -4 -0.0117*** -0.0161*** 0.0114*** 0.0164*** 
 (0.000641) (0.00112) (0.000765) (0.000809) 
     
d = -3 -0.0114*** -0.0140*** 0.0114*** 0.0139*** 
 (0.000558) (0.000941) (0.000715) (0.000612) 
     
d = -2 -0.0109*** -0.0120*** 0.0112*** 0.0117*** 
 (0.000479) (0.000768) (0.000664) (0.000451) 
     
d = -1 -0.0103*** -0.00997*** 0.0107*** 0.00965*** 
 (0.000409) (0.000604) (0.000604) (0.000333) 
     
d = -0 -0.00958*** -0.00807*** 0.00985*** 0.00781*** 
 (0.000355) (0.000460) (0.000536) (0.000266) 
     
d = -1 -0.00864*** -0.00629*** 0.00879*** 0.00615*** 
 (0.000334) (0.000351) (0.000473) (0.000249) 
     
d = -2 -0.00752*** -0.00467*** 0.00753*** 0.00467*** 
 (0.000365) (0.000291) (0.000439) (0.000265) 
     
d = -3 -0.00621*** -0.00324*** 0.00608*** 0.00337*** 
 (0.000449) (0.000276) (0.000463) (0.000290) 
     
d = -4 -0.00472*** -0.00201*** 0.00450*** 0.00223*** 
 (0.000578) (0.000280) (0.000550) (0.000314) 
     
d = -5 -0.00304*** -0.00103*** 0.00281*** 0.00125*** 
 (0.000743) (0.000275) (0.000682) (0.000333) 
     
     

Observations 182,066 182,066 182,066 182,066 
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The tables below show the marginal effects of different outcomes at different skill levels. 
 

Table A6. Allow none (Skills) 
 

 

 

Skill 1 Skill 2 Skill 3 Skill 4 Skill 5 Skill 6 Skill 7 Skill 8 Skill 9 

          

d = -5 0.137*** 0.143*** 0.131*** 0.130*** 0.0915*** 0.0785*** 0.0511*** 0.0277*** 0.0495*** 

 (0.00922) (0.00971) (0.00846) (0.0119) (0.00693) (0.00674) (0.00543) (0.00386) (0.00535) 

          

d = -4 0.142*** 0.148*** 0.138*** 0.137*** 0.101*** 0.0876*** 0.0604*** 0.0346*** 0.0581*** 

 (0.00848) (0.00860) (0.00779) (0.0108) (0.00662) (0.00647) (0.00549) (0.00415) (0.00542) 

          

d = -3 0.148*** 0.154*** 0.145*** 0.145*** 0.111*** 0.0974*** 0.0710*** 0.0429*** 0.0679*** 

 (0.00777) (0.00751) (0.00711) (0.00965) (0.00627) (0.00614) (0.00545) (0.00438) (0.00540) 

          

d = -2 0.154*** 0.160*** 0.153*** 0.154*** 0.122*** 0.108*** 0.0830*** 0.0527*** 0.0790*** 

 (0.00712) (0.00652) (0.00648) (0.00855) (0.00591) (0.00577) (0.00532) (0.00452) (0.00532) 

          

d = -1 0.160*** 0.166*** 0.161*** 0.162*** 0.134*** 0.119*** 0.0964*** 0.0642*** 0.0913*** 

 (0.00658) (0.00573) (0.00594) (0.00761) (0.00559) (0.00542) (0.00513) (0.00460) (0.00520) 

          

d = -0 0.166*** 0.172*** 0.169*** 0.171*** 0.146*** 0.132*** 0.111*** 0.0776*** 0.105*** 

 (0.00623) (0.00533) (0.00559) (0.00700) (0.00540) (0.00516) (0.00497) (0.00463) (0.00509) 

          

d = -1 0.172*** 0.179*** 0.177*** 0.180*** 0.160*** 0.145*** 0.128*** 0.0930*** 0.120*** 

 (0.00613) (0.00547) (0.00551) (0.00694) (0.00545) (0.00513) (0.00494) (0.00470) (0.00511) 

          

d = -2 0.178*** 0.185*** 0.185*** 0.190*** 0.174*** 0.159*** 0.146*** 0.111*** 0.137*** 

 (0.00633) (0.00618) (0.00578) (0.00756) (0.00583) (0.00544) (0.00524) (0.00494) (0.00540) 

          

d = -3 0.184*** 0.192*** 0.194*** 0.200*** 0.188*** 0.174*** 0.166*** 0.130*** 0.155*** 

 (0.00685) (0.00737) (0.00640) (0.00883) (0.00659) (0.00618) (0.00599) (0.00552) (0.00606) 

          

d = -4 0.191*** 0.198*** 0.203*** 0.210*** 0.204*** 0.189*** 0.187*** 0.152*** 0.175*** 

 (0.00767) (0.00889) (0.00734) (0.0106) (0.00769) (0.00731) (0.00724) (0.00656) (0.00716) 

          

d = -5 0.197*** 0.205*** 0.212*** 0.221*** 0.220*** 0.206*** 0.211*** 0.177*** 0.196*** 

 (0.00872) (0.0106) (0.00854) (0.0128) (0.00911) (0.00881) (0.00894) (0.00811) (0.00868) 
          
Observations 166,704 166,704 166,704 166,704 166,704 166,704 166,704 166,704 166,704 

 

Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
NOTE: All predictors at their mean value 
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Table A7. Allow a few (Skills) 
 

 

 

Skill 1 Skill 2 Skill 3 Skill 4 Skill 5 Skill 6 Skill 7 Skill 8 Skill 9 

          
d = -5 0.377*** 0.382*** 0.372*** 0.371*** 0.328*** 0.309*** 0.256*** 0.188*** 0.252*** 
 (0.00766) (0.00866) (0.00788) (0.0113) (0.00793) (0.00906) (0.00958) (0.0103) (0.0102) 
          
d = -4 0.381*** 0.386*** 0.378*** 0.377*** 0.341*** 0.323*** 0.276*** 0.211*** 0.271*** 
 (0.00737) (0.00822) (0.00758) (0.0101) (0.00722) (0.00807) (0.00831) (0.00920) (0.00896) 
          
d = -3 0.386*** 0.390*** 0.384*** 0.383*** 0.353*** 0.336*** 0.296*** 0.235*** 0.291*** 
 (0.00726) (0.00801) (0.00747) (0.00923) (0.00683) (0.00738) (0.00723) (0.00800) (0.00789) 
          
d = -2 0.389*** 0.394*** 0.389*** 0.389*** 0.364*** 0.349*** 0.316*** 0.259*** 0.310*** 
 (0.00731) (0.00801) (0.00754) (0.00868) (0.00677) (0.00705) (0.00655) (0.00691) (0.00711) 
          
d = -1 0.393*** 0.397*** 0.394*** 0.395*** 0.375*** 0.361*** 0.335*** 0.284*** 0.328*** 
 (0.00748) (0.00816) (0.00773) (0.00845) (0.00698) (0.00707) (0.00639) (0.00617) (0.00676) 
          
d = -0 0.397*** 0.401*** 0.399*** 0.400*** 0.384*** 0.373*** 0.353*** 0.307*** 0.346*** 
 (0.00775) (0.00843) (0.00800) (0.00846) (0.00737) (0.00737) (0.00674) (0.00604) (0.00686) 
          
d = -1 0.400*** 0.404*** 0.403*** 0.405*** 0.393*** 0.383*** 0.369*** 0.330*** 0.362*** 
 (0.00808) (0.00877) (0.00832) (0.00864) (0.00784) (0.00783) (0.00739) (0.00654) (0.00731) 
          
d = -2 0.404*** 0.407*** 0.407*** 0.409*** 0.401*** 0.393*** 0.384*** 0.352*** 0.377*** 
 (0.00843) (0.00913) (0.00864) (0.00889) (0.00831) (0.00835) (0.00814) (0.00742) (0.00794) 
          
d = -3 0.407*** 0.410*** 0.411*** 0.413*** 0.408*** 0.401*** 0.397*** 0.371*** 0.390*** 
 (0.00877) (0.00948) (0.00893) (0.00917) (0.00871) (0.00882) (0.00881) (0.00840) (0.00857) 
          
d = -4 0.410*** 0.413*** 0.414*** 0.417*** 0.415*** 0.409*** 0.408*** 0.389*** 0.402*** 
 (0.00910) (0.00980) (0.00918) (0.00939) (0.00901) (0.00919) (0.00928) (0.00923) (0.00908) 
          
d = -5 0.412*** 0.415*** 0.417*** 0.420*** 0.419*** 0.415*** 0.417*** 0.403*** 0.412*** 
 (0.00939) (0.0101) (0.00938) (0.00955) (0.00918) (0.00943) (0.00951) (0.00978) (0.00940) 
          
Observations 166,704 166,704 166,704 166,704 166,704 166,704 166,704 166,704 166,704 

 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
NOTE: All predictors at their mean value 
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Table A8. Allow some (Skills) 

 

 

 

Skill 1 Skill 2 Skill 3 Skill 4 Skill 5 Skill 6 Skill 7 Skill 8 Skill 9 

          
d = -5 0.391*** 0.385*** 0.397*** 0.399*** 0.439*** 0.452*** 0.473*** 0.472*** 0.474*** 
 (0.00990) (0.0106) (0.00957) (0.0129) (0.00957) (0.00956) (0.00902) (0.00711) (0.00893) 
          
d = -4 0.385*** 0.379*** 0.390*** 0.391*** 0.429*** 0.443*** 0.467*** 0.476*** 0.469*** 
 (0.00896) (0.00925) (0.00863) (0.0116) (0.00894) (0.00912) (0.00915) (0.00792) (0.00911) 
          
d = -3 0.380*** 0.373*** 0.382*** 0.383*** 0.418*** 0.433*** 0.459*** 0.476*** 0.461*** 
 (0.00806) (0.00799) (0.00769) (0.0102) (0.00819) (0.00851) (0.00898) (0.00856) (0.00902) 
          
d = -2 0.374*** 0.367*** 0.375*** 0.374*** 0.407*** 0.422*** 0.447*** 0.472*** 0.451*** 
 (0.00725) (0.00686) (0.00680) (0.00892) (0.00736) (0.00778) (0.00851) (0.00884) (0.00865) 
          
d = -1 0.368*** 0.361*** 0.367*** 0.365*** 0.394*** 0.410*** 0.434*** 0.464*** 0.439*** 
 (0.00657) (0.00597) (0.00604) (0.00783) (0.00655) (0.00701) (0.00782) (0.00872) (0.00807) 
          
d = -0 0.362*** 0.355*** 0.359*** 0.356*** 0.381*** 0.397*** 0.418*** 0.453*** 0.425*** 
 (0.00613) (0.00552) (0.00552) (0.00712) (0.00589) (0.00633) (0.00704) (0.00825) (0.00738) 
          
d = -1 0.356*** 0.349*** 0.350*** 0.347*** 0.368*** 0.383*** 0.401*** 0.437*** 0.409*** 
 (0.00600) (0.00565) (0.00534) (0.00699) (0.00553) (0.00591) (0.00639) (0.00757) (0.00674) 
          
d = -2 0.349*** 0.342*** 0.342*** 0.338*** 0.354*** 0.369*** 0.382*** 0.419*** 0.391*** 
 (0.00622) (0.00636) (0.00557) (0.00755) (0.00562) (0.00592) (0.00615) (0.00696) (0.00639) 
          
d = -3 0.343*** 0.336*** 0.334*** 0.328*** 0.339*** 0.354*** 0.361*** 0.398*** 0.372*** 
 (0.00677) (0.00750) (0.00618) (0.00869) (0.00619) (0.00645) (0.00654) (0.00677) (0.00655) 
          
d = -4 0.337*** 0.330*** 0.325*** 0.318*** 0.324*** 0.338*** 0.340*** 0.375*** 0.353*** 
 (0.00761) (0.00892) (0.00709) (0.0102) (0.00714) (0.00741) (0.00754) (0.00730) (0.00730) 
          
d = -5 0.330*** 0.323*** 0.316*** 0.309*** 0.309*** 0.323*** 0.318*** 0.350*** 0.332*** 
 (0.00864) (0.0105) (0.00820) (0.0121) (0.00833) (0.00868) (0.00894) (0.00853) (0.00851) 
          
Observations 166,704 166,704 166,704 166,704 166,704 166,704 166,704 166,704 166,704 

 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
NOTE: All predictors at their mean value 
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Table A9. Allow many (Skills) 

 

 Skill 1 Skill 2 Skill 3 Skill 4 Skill 5 Skill 6 Skill 7 Skill 8 Skill 9 

          
d = -5 0.0947*** 0.0903*** 0.0993*** 0.101*** 0.141*** 0.161*** 0.220*** 0.312*** 0.225*** 
 (0.00497) (0.00577) (0.00517) (0.00943) (0.00614) (0.00817) (0.00940) (0.0115) (0.0103) 
          
d = -4 0.0906*** 0.0864*** 0.0938*** 0.0946*** 0.129*** 0.147*** 0.196*** 0.278*** 0.202*** 
 (0.00440) (0.00507) (0.00462) (0.00797) (0.00520) (0.00686) (0.00750) (0.00895) (0.00841) 
          
d = -3 0.0867*** 0.0826*** 0.0885*** 0.0887*** 0.118*** 0.134*** 0.174*** 0.246*** 0.180*** 
 (0.00401) (0.00460) (0.00425) (0.00673) (0.00455) (0.00585) (0.00604) (0.00681) (0.00691) 
          
d = -2 0.0830*** 0.0790*** 0.0835*** 0.0830*** 0.107*** 0.121*** 0.154*** 0.216*** 0.160*** 
 (0.00381) (0.00437) (0.00407) (0.00575) (0.00420) (0.00518) (0.00509) (0.00531) (0.00585) 
          
d = -1 0.0793*** 0.0754*** 0.0786*** 0.0777*** 0.0971*** 0.110*** 0.135*** 0.188*** 0.142*** 
 (0.00379) (0.00438) (0.00405) (0.00507) (0.00410) (0.00482) (0.00466) (0.00463) (0.00526) 
          
d = -0 0.0758*** 0.0720*** 0.0740*** 0.0726*** 0.0878*** 0.0989*** 0.118*** 0.162*** 0.124*** 
 (0.00392) (0.00457) (0.00416) (0.00470) (0.00417) (0.00472) (0.00463) (0.00470) (0.00506) 
          
d = -1 0.0724*** 0.0687*** 0.0696*** 0.0678*** 0.0792*** 0.0890*** 0.102*** 0.139*** 0.109*** 
 (0.00416) (0.00489) (0.00434) (0.00461) (0.00434) (0.00479) (0.00482) (0.00516) (0.00512) 
          
d = -2 0.0691*** 0.0656*** 0.0654*** 0.0632*** 0.0713*** 0.0798*** 0.0881*** 0.119*** 0.0948*** 
 (0.00447) (0.00529) (0.00457) (0.00474) (0.00454) (0.00495) (0.00506) (0.00569) (0.00529) 
          
d = -3 0.0659*** 0.0625*** 0.0614*** 0.0589*** 0.0640*** 0.0713*** 0.0756*** 0.100*** 0.0821*** 
 (0.00481) (0.00572) (0.00482) (0.00501) (0.00472) (0.00513) (0.00526) (0.00610) (0.00547) 
          
d = -4 0.0629*** 0.0596*** 0.0576*** 0.0548*** 0.0573*** 0.0636*** 0.0644*** 0.0837*** 0.0707*** 
 (0.00516) (0.00616) (0.00507) (0.00535) (0.00486) (0.00528) (0.00537) (0.00634) (0.00558) 
          
d = -5 0.0599*** 0.0567*** 0.0539*** 0.0509*** 0.0511*** 0.0565*** 0.0546*** 0.0695*** 0.0606*** 
 (0.00550) (0.00659) (0.00530) (0.00571) (0.00496) (0.00539) (0.00538) (0.00640) (0.00562) 
          
Observations 166,704 166,704 166,704 166,704 166,704 166,704 166,704 166,704 166,704 

 
Standard errors in parentheses 
*** p<0.01, ** p<0.05, * p<0.1 
NOTE: All predictors at their mean value 
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Table A 10. Descriptive statistics 

 
VARIABLES N mean sd min max 

      
Education 295,060 3.059 1.317 1 5 
      
Income 216,250 5.558 2.767 1 12 
      
Female 294,823 0.542 0.498 0 1 
      
Age 291,932 47.53 18.54 13 123 
      
Involuntarily unemployed 295,060 0.0461 0.210 0 1 
      
Voluntarily unemployed 295,060 0.0221 0.147 0 1 
      
Immigrant 295,060 0.0902 0.286 0 1 
      
Education in years 292,124 12.05 4.044 0 25 
      
Occupation 257,848 5.124 2.540 1 9 
      
Ideology 250,275 0.152 2.236 -5 5 
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Table A 11. Number of respondents by country and ESS round 
 
Country Round1 Round2 Round3 Round4 Round5 Round6 Sum 

Albania      1182 1182 

Austria 2250 2256 2401    6907 

Belgium 1869 1777 1797 1751 1699 1856 10749 

Bulgaria   1397 2230 2434 2260 8321 

Croatia    1481 1636  3117 

Cyprus   983 1213 1082 1115 4393 

Czech Republic 1346 3001  2015 2384 1966 10712 

Denmark 1494 1481 1480 1600 1573 1645 9273 

Estonia  1989 1517 1656 1792 2380 9334 

Finland 1993 2021 1894 2194 1875 2195 12172 

France 1502 1803 1986 2071 1719 1967 11048 

Germany 2909 2859 2895 2750 3024 2911 17348 

Greece 2561 2400  2072 2715  9748 

Hungary 1631 1498 1512 1543 1560 2008 9752 

Iceland  506    750 1256 

Ireland 2046 2286 1774 1760 2537 2611 13014 

Israel 2467   2474 2265 2470 9676 

Italy 1206     943 2149 

Kosovo      1295 1295 

Latvia    1980   1980 

Lithuania     1662 2106 3768 

Luxembourg 1480 1609     3089 

Netherlands 2360 1877 1886 1777 1823 1840 11563 

Norway 2004 1758 1746 1543 1540 1617 10208 

Poland 2101 1712 1710 1616 1746 1891 10776 

Portugal 1511 2050 2219 2367 2149 2148 12444 

Romania    2123   2123 

Russian Federation   2437 2512 2595 2484 10028 

Slovakia  1457 1711 1799 1850 1838 8655 

Slovenia 1510 1439 1474 1283 1400 1254 8360 

Spain 1722 1628 1870 2574 1883 1880 11557 

Sweden 1994 1941 1922 1822 1487 1838 11004 

Switzerland 2010 2140 1801 1815 1505 1490 10761 

Turkey  1855  2407   4262 

Ukraine  2024 2000 1840 1923 2171 9958 

United Kingdom 2045 1777 2380 2338 2340 2198 13078 
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Table A 12. Robustness Checks with immigrants from different source countries 
 

 Same race Diff race Rich countries 
outside 
Europe 

Poor 
countries 
within Europe 

Rich countries 
within Europe 

      
Lower secondary 0.112*** 0.0994*** 0.0268 0.0568 0.0477 
 (0.0163) (0.0153) (0.0402) (0.0380) (0.0431) 
      
Upper secondary 0.232*** 0.232*** 0.232*** 0.219*** 0.247*** 
 (0.0170) (0.0162) (0.0388) (0.0412) (0.0409) 
      
Post-secondary 0.340*** 0.348*** 0.271*** 0.276** 0.310*** 
 (0.0230) (0.0216) (0.0728) (0.0911) (0.0678) 
      
Tertiary 0.562*** 0.594*** 0.560*** 0.552*** 0.576*** 
 (0.0219) (0.0205) (0.0528) (0.0381) (0.0586) 
      
Left right self-
identification 

-0.00899 -0.0314*** 0.0136 -0.0160 0.0240 

 (0.00555) (0.00666) (0.0131) (0.00994) (0.0159) 
Interactions with 
Ideology 

     

Lower secondary 0.00347 -0.000353 -0.0262 0.00503 -0.0309 
 (0.00777) (0.00781) (0.0167) (0.0238) (0.0210) 
      
Upper secondary -0.0132* -0.0198* -0.0380* -0.0361* -0.0445* 
 (0.00627) (0.00814) (0.0158) (0.0158) (0.0177) 
      
Post-secondary -0.0384*** -0.0454*** -0.0184 -0.0482 -0.0357 
 (0.00932) (0.0109) (0.0232) (0.0299) (0.0329) 
      
Tertiary -0.0460*** -0.0682*** -0.0835*** -0.0815*** -0.0816*** 
 (0.00726) (0.00903) (0.0174) (0.0174) (0.0193) 
      
Observations 183835 183616 25209 25388 25255 
Pseudo R2 0.053 0.071 0.053 0.069 0.050 
BIC 430531.0 434566.7 59137.9 56975.6 59645.3 
Prob>chi2 0.000 0.000 0.000 0.000 0.000 
Standard errors in parentheses 
* p < 0.05, ** p < 0.01, *** p < 0.001 
 
 


